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Abstract:  

This paper delves into the critical realm of blood inventory management 

within hospital blood banks, focusing on the development and optimization 

of adaptive strategies in the face of uncertain environments. In healthcare 

systems, ensuring an efficient and reliable blood supply is imperative, yet 

challenges such as fluctuating demand, supply chain uncertainties, and 

unforeseen events pose significant obstacles. This study investigates 

innovative approaches to enhance the resilience and responsiveness of 

hospital blood banks, ultimately contributing to the establishment of robust 

adaptive strategies. By leveraging data-driven methodologies and advanced 

analytics, the research aims to provide actionable insights that empower 

healthcare institutions to proactively address uncertainties, minimize wastage, 

and optimize blood inventory management practices. The findings of this 

study hold the potential to enhance the overall effectiveness of blood supply 

chains, ensuring a more agile and sustainable approach in meeting the 

dynamic demands of healthcare scenarios characterized by uncertainty. 

Keywords: Adaptive Strategies, Blood Inventory Management, Hospital 

Blood Banks, Uncertainty Optimization 

 

 

1.  Introduction And Literature Review: 

1.1: Introduction:  

The effective management of blood inventory in hospital blood banks is a critical aspect of healthcare 

delivery, ensuring a reliable and sufficient supply of blood products for patient care. However, the 

inherent uncertainties in the healthcare landscape, including fluctuations in demand, supply chain 

disruptions, and unforeseen events, present significant challenges to maintaining an optimal blood 

inventory. This research aims to explore and develop adaptive strategies for the optimization of blood 

inventory management in hospital blood banks, with a particular emphasis on addressing uncertainties. 

In recent years, the healthcare industry has witnessed an increasing need for flexibility and 

responsiveness in the face of dynamic and unpredictable factors. These factors include changes in 

patient demographics, evolving medical treatments, and unexpected events such as pandemics or 

natural disasters. Such uncertainties can lead to inefficiencies in blood inventory management, with 

potential consequences for patient outcomes and healthcare system performance. To address these 

challenges, this study investigates innovative approaches that leverage data-driven methodologies and 
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advanced analytics. By examining historical data, forecasting techniques, and real-time monitoring, 

the research aims to develop strategies that enhance the resilience and adaptability of hospital blood 

banks. 

1.2: Literature Review: 

The goal is to empower healthcare institutions to proactively navigate uncertainties, minimize wastage, 

and optimize blood inventory practices for improved patient care and overall system efficiency. The 

findings of this research are expected to contribute valuable insights to the field of blood supply chain 

management, offering practical and actionable recommendations for hospital blood banks to enhance 

their capabilities in the context of uncertainty. Ultimately, the establishment of robust adaptive 

strategies holds the promise of creating more agile and sustainable blood inventory management 

practices, ensuring the continued availability of blood products to meet the dynamic demands of 

healthcare scenarios. Almaktoom. [1] focused on stochastic reliability measurement and design 

optimization in inventory management systems, providing insights into enhancing control strategies. 

Arvan et al. [2] presented research contributes to the optimization of blood supply chain logistics by 

proposing a bi-objective and multi-product supply chain network. Beliën [3] presented literature 

review comprehensively synthesizes existing knowledge on the supply chain management of blood 

products.  

Sliva et al. [4] addressed optimal inventory levels for hospital blood banks, contributing foundational 

principles to blood bank inventory management. Sultana et al. [5] determined target inventory levels, 

providing practical guidance for effective inventory management in various blood banking settings. 

Dillon et al. [6] proposed a sophisticated two-stage stochastic programming model tailored for 

inventory management within the blood supply chain. Divya [7] investigated the inventory 

management system at Tool Craft Engineering Company, offering practical insights into real-world 

inventory practices. Duan and Liao [8] focused on optimizing the blood supply chain, considering 

factors like shortened shelf lives and ABO compatibility, contributing to enhanced efficiency in blood 

supply logistics. Zhang [9] introduced a statistical approach to ordering and usage policies for hospital 

blood banks, laying the groundwork for subsequent developments. Fazli et al [10] presented a mixed 

robust possibilistic model for emergency blood supply chain optimization, addressing uncertainties 

and ensuring flexibility in the system.  

Habibi et al. [11] and contributed to designing a robust blood supply chain with a bi-objective 

approach, especially relevant in disaster management scenarios. Singh et al. [12] provided a modeling 

and solving approach for a supply chain network, focusing on efficient production collection strategies. 

Saini et al. [13] presented analysis offers insights into right to health, contributing to the field of blood 

inventory management. Masoumi [14] explored mergers and acquisitions in blood banking systems, 

employing a supply chain network approach to understand the implications. Meneses et al. [15] 

focused on ordering policies for blood inventory management in hospital blood banks under 

uncertainty, providing valuable insights for decision-making. Nagurney et al. [16] delved into supply 

chain network operations management of a blood banking system, emphasizing cost and risk 

minimization strategies. Singh et al. [17] provided a comprehensive overview of perishable inventory 

theory, contributing to the broader understanding of inventory management principles with the 

production rate.  

Pegels and Jelmert [18] presented an evaluation of blood-inventory policies using Markov chain 

applications, contributing to the application of mathematical models in blood supply chain 

management. Pierskalla [19] is featured in a handbook, providing a comprehensive guide to supply 

chain management of blood banks within the broader context of operations research and healthcare. 

Prastacos [20] contributed to the theoretical and practical understanding of blood inventory 



Advances in Nonlinear Variational Inequalities 

ISSN: 1092-910X 

Vol 28 No. 2 (2025) 

 

193 
https://internationalpubls.com 

management, providing valuable insights into its principles. Singh et al. [21] focused on implementing 

an automated inventory management system tailored for small and medium-sized enterprises and 

focused an inventory model for fading gadgets with an ordinary deterioration rate addressing specific 

needs in this context. Samani et al. [22] presented an integrated blood supply chain planning model for 

disaster relief, highlighting the importance of robust supply chain strategies in emergency scenarios. 

Zahiri and Pishvaee [23], Thakur [24] presented a study which addresses blood supply chain network 

design with a focus on blood group compatibility under uncertainty, contributing to effective design 

strategies. 

The paper is orderly as tracks: Section 2 delivers the homework of definations, the 

notation/symbolizations, and the suppositions to the proposed model. Section 3 deliberates the 

methology of the described model. Section 4 derives the theoretical devising and problem formulation 

of the model. Section 5 discussed the result by tanking an arithmetical illustration to justify the 

premeditated model. Finally, Section 6 achieves the inclusive verdict with suggestions for imminent 

examine work. 

2. Definitions and Assumptions:  

Definitions and assumptions play a crucial role in shaping the understanding and formulation of the 

optimization problem when we discussing blood inventory management in hospital blood banks, here 

are some important definitions and assumptions:  

2.1 Definitions: 

Definition 2.1.1 [Inventory Level (𝐈𝐭)]: The quantity of blood products available in the blood bank at 

time t. It represents the quantity of blood products available at time t.  

Significance: A key variable that directly influences the ability of the blood bank to meet patient 

demand and manage wastage. 

Definition 2.1.2 [Demand (𝐃𝐭)]: The amount of blood products requested or required by patients at 

timet. Dt represents the amount of blood products required by patients at time t. 

Significance: Represents the dynamic and uncertain nature of the healthcare environment, influencing 

the need for efficient inventory management. 

Definition 2.1.3 [Supply (𝐒𝐭)]: The quantity of blood products ordered or acquired by the blood bank 

at time t. St Represents the quantity of blood products ordered or acquired by the blood bank at time t.  

Significance: Present reflects the proactive measures taken by the blood bank to replenish its inventory 

and meet anticipated demand. 

Definition 2.1.4 [Wastage (𝐖𝐭)]: The amount of blood products that expire or become unusable at 

time t. Wt represents the amount of blood products wasted or expired at time t.  

Significance: Represents inefficiencies in inventory management, with associated costs and potential 

ethical considerations. 

Definition 2.1.5 [Holding Cost (𝐇𝐭)]: The cost associated with maintaining inventory, including 

storage, monitoring, and other related expenses, per unit per time. 

Significance: Represent Captures the financial implications of holding blood products in inventory. 

𝐻𝑡  Represents the holding cost associated with maintaining inventory at time t. 

Definition 2.1.6 [Penalty Cost (𝐏𝐭)]: The cost incurred when demand for blood products cannot be 

met, typically expressed as a penalty per unit of unmet demand.  
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Significance: Represent encapsulates the consequences of inadequate inventory levels, emphasizing 

the importance of meeting patient needs. 𝑃𝑡 represents the penalty cost incurred for unmet demand at 

time t. 

Definition 2.1.7 [Replenishment Cost (𝐑𝐭)]: The cost associated with ordering or acquiring blood 

products, expressed per unit ordered. 𝑅𝑡  represents the cost associated with replenishing inventory 

(ordering) at time t.  

Significance: Reflects the financial impact of restocking the inventory to meet anticipated demand. 

Definition 2.1.8 [Expiry Cost (𝐄𝐭)]: The cost associated with the wastage or expiration of blood 

products, expressed per unit wasted.  

Significance: Represents the financial and ethical implications of discarding blood products that 

exceed their shelf life. 𝐸𝑡 represents the cost associated with the expiry or wastage of blood products 

at time t. 

2.2 Assumptions: 

Assumption 2.2.1 [Deterministic Demand]: Demand for blood products is assumed to be 

deterministic and known in advance for each time. 

Dt is assumed to be deterministic and known for each time period t. 

Rationale: Simplifies the modeling process, but may not fully capture the uncertainty in real-world 

demand. 

Assumption 2.2.2 [Fixed Lead Times]: Lead times for ordering and receiving blood products are 

assumed to be fixed and known. 

Rationale: Simplifies the modeling process by not considering variability in the time it takes to 

replenish inventory. 

Assumption 2.2.3 [Linear Holding Costs]: Holding costs are assumed to be linear and constant over 

time. 

Ht is assumed to be linear and constant over time. 

Rationale: Simplifies the mathematical formulation, but may not accurately represent the actual cost 

structure in all situations. 

Assumption 2.2.4 [No Stock outs Allowed]: The model assumes that stock outs (unmet demand) are 

not allowed, and a penalty cost is incurred for any unmet demand. 

A penalty cost Pt is incurred for any unmet demand. 

Rationale: Reflects the importance of patient care and emphasizes the need to avoid situations where 

demand cannot be satisfied. 

Assumption 2.2.5 [Static Shelf Life]: The shelf life of blood products is assumed to be constant and 

not subject to variability. 

Rationale: Simplifies the modeling process by not considering variations in the expiration 

characteristics of blood products. 

Assumption 2.2.6 [Single Blood Bank Location]: The model focuses on a single blood bank location 

rather than considering a network of multiple locations. 

Rationale: Simplifies the problem for initial analysis, but real-world scenarios may involve multiple 

blood bank locations with interconnected supply chains. 
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3. Methodology of The Proposed Model: 

The research aims to provide a systematic and evidence-based approach to optimizing blood inventory 

management in hospital blood banks, specifically addressing uncertainties in the healthcare 

environment as follows:  

3.1: Literature Review: 

Conduct a comprehensive review of existing literature on blood inventory management, adaptive 

strategies, and uncertainty in healthcare supply chains. This step will provide a theoretical foundation 

and help identify gaps and opportunities for innovation in the field. 

3.2: Data Collection: 

Gather historical data on blood usage, donation patterns, and inventory levels from the hospital blood 

bank under study. Additionally, collect data on external factors influencing blood supply, such as 

population demographics, local health trends, and historical events impacting blood demand. 

3.3: Model Development: 

Utilize statistical modeling, forecasting techniques, and optimization algorithms to develop a 

predictive model for blood demand and supply. Consider incorporating machine learning algorithms 

to improve the accuracy of predictions over time, adapting to changing patterns and uncertainties. 

3.4: Scenario Analysis: 

Simulate various scenarios representing different levels of uncertainty, including sudden increases in 

demand, supply chain disruptions, and other unforeseen events. Analyze the performance of the 

adaptive strategies under each scenario to identify robust solutions that can effectively handle diverse 

challenges. 

3.5: Validation and Calibration: 

Validate the developed model and adaptive strategies using historical data not used in the initial model 

development. Calibrate the model parameters based on real-world performance to ensure its reliability 

in predicting blood demand and guiding inventory management decisions. 

3.6: Prototyping and Implementation: 

Develop a prototype or simulation tool based on the validated model. Collaborate with the hospital 

blood bank to implement and test the adaptive strategies in a controlled environment, gathering 

feedback from stakeholders to refine the approach. 

3.7: Performance Evaluation: 

Evaluate the performance of the adaptive strategies in real-time or through further simulations, 

comparing key performance indicators such as inventory turnover, wastage reduction, and 

responsiveness to demand changes. Identify areas for continuous improvement and refinement. 

3.8: Documentation and Reporting: 

Document the methodology, findings, and recommendations in a comprehensive report. Clearly 

communicate the potential benefits of the developed adaptive strategies and provide guidelines for 

their implementation in other hospital blood banks facing similar challenges. 

4. Problem Formulation of The Proposed Model: 

Mathematically formulating the blood inventory management problem involves defining key 

variables, parameters, and constraints. The basic representation of the problem depends on the 

following mathematical notation: 
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4.1: Considering of Variables: 

It: Inventory level of blood products at time t. 

Dt: Demand for blood products at time t. 

St: Supply of blood products at time t. 

Wt: Wastage of blood products at time t. 

4.2: Considering of Parameters: 

T: Planning horizon (number of time periods). 

Ct: Cost associated with ordering and managing inventory at time t. 

Ht: Holding cost of maintaining inventory at time t. 

Pt: Penalty cost for unmet demand at time t. 

Rt: Replenishment cost for ordering blood products at time t. 

Et: Expiry cost for wasted blood products at time t. 

4.3: Objective Function: 

Minimize the total cost over the planning horizon: 

Minimize ∑  

T−1

t=0

(Ct + Ht + Pt + Rt + Et) 

4.4: Constraints: 

4.4.1: Inventory Balance Equation: 

 It+1 = It + St − Dt − Wt     ∀ t ∈ [0, T − 1] 

4.4.2: Initial and Final Inventory Constraints: 

I0 = Initial Inventory Level 

IT = Final Desired Inventory Level 

4.4.3: Order Quantity Constraint: 

St ≥ 0  ∀ t ∈ [0, T − 1] 

4.4.4: Non-negativity Constraints: 

It, Dt, St, Wt ≥ 0   ∀t ∈ [0, T] 

This mathematical formulation provides a foundation for developing optimization models that can be 

solved using various mathematical programming techniques. The specific values for parameters and 

constraints would be determined based on the characteristics and requirements of the hospital blood 

bank under consideration. 

5. Illustrative Examples To Validate Model: 

Let us consider following illustrative examples to demonstrate the mathematical formulation for blood 

inventory management.  
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5.1: Illustrative Example  

Let us consider illustrative examples to demonstrate the mathematical formulation for blood inventory 

management, we will simplify the scenario for clarity. 

Assumptions: Planning Horizon (T): 4 time periods (weeks), Initial Inventory Level (I0): 50 units, 

Desired Final Inventory Level (IT): 60 units. Results have been shown below table. 

Table 1: Demand (Dt) and Supply (St) are given for each time period. 

Sr. No. Time Period (𝐭) Demand (𝐃𝐭) Supply (𝐒𝐭) 

1 0 30 40 

2 1 20 25 

3 2 35 30 

Cost Parameters: 

Holding Cost (Ht): $1 per unit per time period. Penalty Cost (Pt): $2 per unit of unmet demand. 

Replenishment Cost (Rt): $5 per unit ordered. Expiry Cost (Et): $3 per unit of wasted blood. 

Objective: 

Minimize the total cost over the 4-week planning horizon. 

Mathematical Formulation: 

Variables: 

It: Inventory level at time t.  Dt: Demand at time t. 

St: Supply at time t.   Wt: Wastage at time t. 

Parameters: 

T = 4: Planning horizon.  Ct: Order and management cost (omitted for simplicity). 

Constraints: 

Inventory Balance Equation: 

It+1 = It + St − Dt − Wt ∀t ∈ [0, T − 1] 

Initial and Final Inventory Constraints: 

I0 = 50 

IT = 60 

Order Quantity Constraint: 

St ≥ 0   ∀ t ∈ [0, T − 1] 

Non-negativity Constraints: 

It, Dt, St, Wt ≥ 0   ∀ t ∈ [0, T] 

Objective Function: 

Minimize ∑  

T−1

t=0

(Ht + Pt + Rt + Et) 

Solution: 

Solve the optimization problem using following suitable mathematical programming techniques 

(python code) to determine the order quantities (St) and wastage (Wt) for each time, minimizing the 

total cost. This example provides a simplified representation, and in a real-world scenario, additional 



Advances in Nonlinear Variational Inequalities 

ISSN: 1092-910X 

Vol 28 No. 2 (2025) 

 

198 
https://internationalpubls.com 

factors and constraints would need to be considered based on the specific details of the hospital blood 

bank's operations.  

from scipy.optimize import minimize 

import numpy as np 

# Example parameters 

T = 4 

I_0 = 50 

I_T = 60 

D_t = np.array([30, 20, 35, 25]) 

S_t = np.array([40, 25, 30, 20]) 

H_t = 1  # Holding Cost per unit 

P_t = 2  # Penalty Cost per unit of unmet demand 

R_t = 5  # Replenishment Cost per unit ordered 

E_t = 3  # Expiry Cost per unit of wasted blood 

# Objective function components 

def objective_function(W): 

    I = np.zeros(T + 1) 

    I[0] = I_0 

    total_cost = 0 

    for t in range(T): 

        W_t = W[t] 

        I[t + 1] = I[t] + S_t[t] - D_t[t] - W_t 

        total_cost += H_t * I[t] + P_t * max(0, D_t[t] - I[t]) + R_t * S_t[t] + E_t * max(0, I[t] - D_t[t]) 

    return total_cost 

# Constraints 

constraints = (    {'type': 'eq', 'fun': lambda W: I_0 - (I_0 + S_t[0] - D_t[0] - W[0])}, 

    {'type': 'eq', 'fun': lambda W: I_T - (I_0 + np.sum(S_t) - np.sum(D_t) - np.sum(W))} ) 

# Wastage constraint 

bounds = [(0, None) for _ in range(T)] 

# Initial guess 

initial_guess = np.zeros(T) 

# Solve the optimization problem 

result = minimize (objective_function, initial_guess, bounds=bounds, constraints=constraints) 

# Extract the optimal wastage quantities 
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optimal_W = result.x 

print("Optimal Wastage Quantities:", optimal_W) 

print("Total Cost:", result.fun) 

Output Results: 

Optimal Wastage Quantities: [2.88892802e-13, 1.21682839e-16, 2.02202293e-16, 2.95490616e-16] 

Total Cost: 1184.9999999999966 

Program finished with exit code 0 

Press ENTER to exit console.  

5.2: Illustrative Example  

Let's consider an illustrative example to demonstrate the mathematical formulation of blood inventory 

management. In this scenario, we'll focus on a simplified monthly planning horizon for a hospital blood 

bank. 

Example Parameters: T = 12 (monthly planning horizon) 

Initial Inventory Level: I0 = 100 units; Final Desired Inventory Level: I12 = 150 units 

Holding Cost: Ht = $1 per unit per month  

Penalty Cost for Unmet Demand: Pt = $10 per unit 

Replenishment Cost: Rt = $5 per unit; Expiry Cost: Et = $20 per unit 

Example Demand and Supply (hypothetical values): 

Dt = [80, 120, 100, 90, 110, 130, 140, 85, 95, 105, 120,110] 

St = [100, 110, 95, 120, 130, 100, 110, 100, 120, 130, 100, 110] 

Mathematical Formulation: 

Objective Function: 

Minimize ∑  

11

t=0

(Ct + Ht + Pt + Rt + Et) 

Constraints: 

Inventory Balance Equation: 

It+1 = It + St − Dt − Wt ∀t ∈ [0,11] 

Initial and Final Inventory Constraints: 

I0 = 100  & I12 = 150 

Order Quantity Constraint: 

St ≥ 0 ∀t ∈ [0,11] 

 

Non-negativity Constraints: 

It, Dt, St, Wt ≥ 0 ∀t ∈ [0, 12] 
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Objective Function Components: 

Ct = 0 (for simplicity, assuming no additional ordering or management cost) 

Ht = 1 × It 

Pt = 10 × max(0, Dt − It) 

Rt = 5 × St 

Et = 20 × max(0, It − Dt) 

Solving the Optimization Problem: 

Using Python Code to solve this optimization, the objective function is minimized subject to the 

defined constraints. The resulting optimal solution provides insights into the order quantities, inventory 

levels, and associated costs for each month, optimizing the blood inventory management system. This 

illustrative example demonstrates how the mathematical formulation can be tailored to address specific 

parameters and constraints in a practical setting. The actual values and costs used in practice would 

depend on the characteristics of the hospital blood bank and its operating environment  

Python Code  

from scipy. optimize import minimize 

import numpy as np 

# Example parameters 

T = 12 

I_0 = 100 

I_12 = 150 

D_t = np. array ([80, 120, 100, 90, 110, 130, 140, 85, 95, 105, 120, 110]) 

S_t = np. array ([100, 110, 95, 120, 130, 100, 110, 100, 120, 130, 100, 110]) 

# Objective function components 

def objective_function(S): 

    I = np. zeros(T + 1) 

    I[0] = I_0 

    total_cost = 0 

    for t in range(T): 

        W_t = min(I[t], D_t[t]) 

        I[t + 1] = I[t] + S[t] - D_t[t] - W_t 

        H_t = I[t] 

        P_t = 10 * max(0, D_t[t] - I[t]) 

        R_t = 5 * S[t] 

        E_t = 20 * max(0, I[t] - D_t[t]) 

        total_cost += H_t + P_t + R_t + E_t 
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    return total_cost 

# Constraints 

constraints = (    {'type': 'eq', 'fun': lambda S: I_0 - (I_0 + S[0] - D_t[0] - min(I_0, D_t[0]))}, 

    {'type': 'eq', 'fun': lambda S: I_12 - (I_0 + np.sum(S) - np.sum(D_t) - min(I_0, np.sum(D_t)))}) 

# Order Quantity Constraint 

bounds = [(0, None) for _ in range(T)] 

# Initial guess 

initial_guess = np.zeros(T) 

# Solve the optimization problem 

result = minimize (objective_function, initial_guess, bounds=bounds, constraints=constraints) 

# Extract the optimal order quantities 

optimal_S = result.x 

print("Optimal Order Quantities:", optimal_S) 

print("Total Cost:", result.fun) 

Output Results  

Optimal Order Quantities: [160.  127.5 127.5 127.5 127.5 127.5 127.5 127.5 127.5 127.5 127.5   0. ] 

Total Cost: 17204.999999999854 

Program finished with exit code 0 

6: Conclusion: 

Optimizing blood inventory management in hospital blood banks through adaptive strategies is 

essential for addressing uncertainties. By leveraging mathematical models and data-driven approaches, 

healthcare institutions can enhance resilience, reduce wastage, and ensure a reliable blood supply. The 

proposed methodologies offer a systematic framework for proactive decision-making, contributing to 

the efficiency and sustainability of blood inventory systems in dynamic healthcare environments. The 

proposed model determines both location and allocation decisions for multiple post-disaster periods. 
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